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 This hypothesis, develops a new method in Tifinagh personality, identity using both of 
Closer adjacent algorithm and the program language model simultaneously. The k-N 

algorithm propound candidates weighted of their membership grade, for each 

personality image, after the preprocessing of the text portrait and the word 

segmentation.And by utilizing the language of the Bigram model in order to choose the 

most appropriate sequence of personality. As a consequence, our method increment the 

recognition rate. 
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INTRODUCTION 

 

 In pattern recognition, the k-Nearest Neighbors 

algorithm (or k-NN for short) is a non-

parametric method used 

for classification andregression (Engin, 2009). In 

both cases, the input consists of the k closest training 

examples in the feature space. The output depends on 

whetherk-NN is used for classification or regression 

(Ellis, 1997): 

1. In k-NN classification, the output is a class 

membership. An object is classified by a majority 

vote of its neighbors, with the object being assigned 

to the class most common among its k nearest 

neighbors (k is a positive integer, typically small). 

If k = 1, then the object is simply assigned to the 

class of that single nearest neighbor. 

2. In k-NN regression, the output is the property 

value for the object. This value is the average of the 

values of its k nearest neighbors. 

 K-NN is a type of instance-based learning, 

or lazy learning, where the function is only 

approximated locally and all computation is deferred 

until classification. The k-NN algorithm is among the 

simplest of all machine learning algorithms.Both for 

classification and regression, it can be useful to 

weight the contributions of the neighbors, so that the 

nearer neighbors contribute more to the average than 

the more distant ones. For example, a common 

weighting scheme consists in giving each neighbor a 

weight of 1/d, where d is the distance to the neighbor 

(Engin, 2009). The neighbors are taken from a set of 

objects for which the class (for k-NN classification) 

or the object property value (for k-NN regression) is 

known. This can be thought of as the training set for 

the algorithm, though no explicit training step is 

required.A shortcoming of the k-NN algorithm is that 

it is sensitive to the local structure of the data. The 

algorithm has nothing to do with and is not to be 

confused with k-means, another popular machine 

learning technique. 

 As mentioned before, given a query 

point, KNN makes predictions based on the outcome 

of the K neighbors closest to that point. Therefore, to 

make predictions with KNN, we need to define a 

metric for measuring the distance between the query 

point and cases from the examples sample. One of 

the most popular choices to measure this distance is 

known as Euclidean. Other measures include 

Euclidean squared, City-block, and Chebyshev: 

 

http://en.wikipedia.org/wiki/Pattern_recognition
http://en.wikipedia.org/wiki/Non-parametric_statistics
http://en.wikipedia.org/wiki/Non-parametric_statistics
http://en.wikipedia.org/wiki/Statistical_classification
http://en.wikipedia.org/wiki/Regression_analysis
http://en.wikipedia.org/wiki/Feature_space
http://en.wikipedia.org/wiki/Integer
http://en.wikipedia.org/wiki/Instance-based_learning
http://en.wikipedia.org/wiki/Lazy_learning
http://en.wikipedia.org/wiki/Machine_learning
http://en.wikipedia.org/wiki/K-means
http://en.wikipedia.org/wiki/Machine_learning
http://en.wikipedia.org/wiki/Machine_learning
http://en.wikipedia.org/wiki/Machine_learning
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Fig. 1: City-block, and Chebyshev. 

 

 Tifinagh (Berber pronunciation: [tifinaɣ]; also 

written Tifinaɣ in the Berber Latin 

alphabet, ⵜⵜⵜⵜⵜⵜⵜ in Neo-Tifinagh) is a series 

of abjad and alphabetic scripts used to write Berber 

languages (Gahin, 2001). A modern derivate of the 

traditional script, known as Neo-Tifinagh, was 

introduced in the 20th century. A slightly modified 

version of the traditional script, 

called Tifinagh Ircam, is used in a number 

of Moroccan elementary schools in teaching the 

Berber language to children as well as a number of 

publications (Gahin, 2001; Gardner, 2006) The 

word tifinagh is thought to be a Berberized feminine 

plural cognate of Punic, through the Berber feminine 

prefix ti- and LatinPunicus; thus tifinagh could 

possibly mean "the Phoenician (letters)" (Engin, 

2009) or "the Punic letters". 

 

 

 
 

Fig. 2: Simulation of The Tifinagh Alphabet. 

 

Methodology: 

 In advanced processing techniques similar word 

segmentation, thinning, slant modification and 

smoothening are practical.To extractive of the image 

features, we use a linear compound of the gravity 

center distance method and the pixel agglomeration 

method.These two methods need the spatial section 

of the personality image into W×H boxes so that the 

portions of the personality will be in some of these 

http://en.wikipedia.org/wiki/Help:IPA_for_Berber
http://en.wikipedia.org/wiki/Berber_Latin_alphabet
http://en.wikipedia.org/wiki/Berber_Latin_alphabet
http://en.wikipedia.org/wiki/Berber_Latin_alphabet
http://en.wikipedia.org/wiki/Abjad
http://en.wikipedia.org/wiki/Alphabet
http://en.wikipedia.org/wiki/Berber_languages
http://en.wikipedia.org/wiki/Berber_languages
http://en.wikipedia.org/wiki/Berber_languages
http://en.wikipedia.org/wiki/Royal_Institute_of_the_Amazigh_Culture
http://en.wikipedia.org/wiki/Morocco
http://en.wikipedia.org/wiki/Punic
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boxes. Some boxes could be empty.The choice of the 

number of squares is obtained by probation.  

 Gravity Center Distance, the feature is then 

obtained by dividing the distance c among G and 

bottom left nook of the box by the length of the bevel 

of that box ―Fig. 1‖.One can easily see that this 

particularity is invariant of the personality image 

dimensions.Hence an image of whatever size gets 

transformed into a vector of W×H predesignate 

dimensions.Our recognition system is made of three 

blocks, the pre-processing block, the isolated 

personality identification block and the word 

recognition block.First, the word illustration is in 

advance processed by thinning; slant modification 

and smoothening.The word image is then segmented 

into a sequence of personified images.For each 

personality image the fuzzy k-nearest adjacent 

proposes candidates, each one with a membership 

grade (the jth candidate proposed for the ith 

personality image).From these candidates we 

procreate all m conceivable combinations. The 

membership grade of each word is given by.

 
Table 1: Recognition rate. 

Grid Size 3*3 3*5 5*5 5*7 7*5 9*11 

FKNN 81.25 85.32 89.52 88.2 85.42 91.52 

FKKN & Bigrams 83.2 85.21 89.63 90.12 86.45 88.2 

 

Discussionofthe results: 

 In order to test our method, we developed a java 

desktop application.The data base used to train the 

fuzzy  close adjacent has 1940 manuscript 

personality images.The culture used in the bigram 

model is a set of 1069 disparate Amazigh words 

written in Tifinagh.In addition to the personality 

images database and the dictionary size, Results 

obtained depends on many other parameters: the 

features elicitation method, the size of the grid used 

in the features elicitation, the number of adjacent k 

and the fuzziness parameter m.The gravity center 

interval method gives data about the circumstances 

of the darksome pixels in the box. Hence, two boxes 

with disparate amount of darksome pixels but with 

the same gravity center will have the same feature 

value. On the other hand, the pixel agglomeration 

method gives information about the amount of the 

darksome pixels in a box.The faint of this method is 

that it gives no data about the position of black pixels 

in that box.So, two boxes with the same quantity of 

darksome pixels will have the same feature value, 

even if the darksome pixel repartition is not the 

same.In order to take advantage of both procedures 

we used a linear combination of these two 

procedures.So it is the feature given by the pixel 

density procedure and the one given by the gravity 

center interval. 

 

 
Fig. 3: Recognition System. 
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Fig. 4: Identification Rate Subordinate of K, Fuzzy KNN In Dashed Document, FKNN In Dashed Document. 

 

 
 

Fig. 5: Identification Measure Subordinate of Γ, Bigrams In Solid Document, FKNN In Dashed Document. 

 

 
 

Fig. 6: Identification Rate Subordinate of M, Fuzzy KNN In Dashed Document &FKNN In Dashed Document. 

 

 
 

Fig. 7: Gravity Center Interval Procedure Applayed To ‗Yaz‘ Personality 
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